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Even though cryptocurrency has demonstrated itself as one of the most groundbreaking technologies of 21st-century, worldwide
adoption of it remains uneven across populations. Factors of it in each area differ, and Kazakhstan presents a unique case: it
represents a post-Soviet economy, but in August of 2021 it accounted for 18% of global Bitcoin hash rate. It is notable that
the country has also experienced tenge devaluation. Most research on generational crypto trust comes from North America,
Europe, and other parts of Asia, neglecting Central Asia, which creates a gap in literature. This study examines generational
cryptocurrency trust in Kazakhstan by using a cross-sectional online survey with a total of 109 respondents across three
generations (Gen Z, Millennials, Gen X). Particular attention to macroeconomic factors was taken into account by utilizing
Spearman correlation, t-test, ANOVA, multiple regression analysis. Key findings suggest that tenge hedge belief is the most
dominant predictor of crypto trust, while generational differences are observed at bivariate levels, they lose significance once
knowledge and tenge hedge belief are accounted for. Cryptocurrency is not perceived as a substitute to traditional banking by
the participants. Results are consistent with the hypothesis that macroeconomic factors contribute to crypto trust, and indicate
that hedge utility is more strongly associated with cryptocurrency trust than generational identity is. However, since exposure to
past devaluations was not measured, this data cannot establish that Kazakhstan’s economic history produced these attitudes.
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Introduction

Cryptocurrency has emerged as one of the most innovative
technologies of 21st-century. It has grabbed colossal attention
of financial world for its potential to transform monetary sys-
tems. Digital currencies such as Bitcoin and Ethereum have
completely reshaped the way of storing finances, as it pro-
motes more prospective growth in value than traditional bank-
ing. However, adoption remains uneven across countries be-
cause of the factors like age, digital fluency, trust, financial lit-
eracy and macroeconomic context. A study by Shahzad et al. !
reveals higher awareness is associated with adoption, and trust
strengthens that connection.

Kazakhstan presents itself as a uniquely compelling case for
studying cryptocurrency trust across different ages. The coun-
try holds a post-Soviet economy that has experienced repeated
financial instability. The government’s decision to allow the
currency to float freely in August 2015 led to tenge losing
36.9% of its value against the US dollar within one month,
rising to 78.5% depreciation over six months2. Whether such
experience is associated with greater interest in alternative fi-
nancial instruments remains a question. Moreover, in August
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of 2021 Kazakhstan accounted for 18% of global Bitcoin hash
rate 3. Thus, cryptocurrency has become an economically sig-
nificant phenomenon in the country, yet it has not been re-
searched how attitudes, opinions, or perceptions about it work.

Academic research confirms that younger generations are
more inclined to invest in cryptocurrency than older cohorts .
However, these findings cannot be directly applied to post-
Soviet Central Asian societies, where deep institutional skep-
ticism is itself partly a legacy of Soviet-era governance® and
repeated currency crises intersect in distinctive ways. Further-
more, while the Technology Acceptance Model (TAM) and
other related frameworks were applied broadly to cryptocur-
rency adoption'-®, macroeconomic variables such as tenge
volatility have received little attention. Therefore, a significant
gap exists in literature regarding how generational identity and
Kazakhstan-specific financial experience relate to cryptocur-
rency trust. The present study does not utilize TAM, but it
is contextualized by TAM, generational theory and macroeco-
nomic risk.

The present study addresses this gap by investigating a fol-
lowing question:

What factors are associated with cryptocurrency trust across
generations in Kazakhstan, and how do generational identity
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and Kazakhstan-specific financial beliefs compare as predic-
tors?

Hypotheses are developed in the following section, each de-
rived from the relevant theoretical literature.

Literature Review

Trust and Cryptocurrency

Trust in financial system has been divided into two: insti-
tutional (trust in government, regulators) and technological
(blockchain, decentralization)!. Cryptocurrency, as a decen-
tralized financial instrument, has an undefined position: it is a
transparent technology, but lacks institutional guarantee. Re-
search using TAM to cryptocurrency indicates that trust is
an essential variable that connects awareness and adoption 0.
This matters because trust in financial institutions predicts par-
ticipation in markets more generally: people with lower trust
participate less’. Whether cryptocurrency is used as a way
of avoiding conventional institutions is contested. One study
suggests that retail cryptocurrency investors do not distrust fiat
money or banks, and instead add digital assets for bigger di-
versification and return®. A second one indicates the oppo-
site at the country level, showing that Bitcoin infrastructure
diffuses faster in regions where distrust of banks is high and
where inflation crises have happened®. A third position differs
from both. Using survey data from three Nordic countries,
Baeckstrom et al. ' find that individuals with greater trust in
other people regarding financial matters are more likely to
hold cryptocurrency, both currently and in their future plans.
The first study finds that distrust does not drive participation;
this research finds that trust is associated with greater partici-
pation in crypto, suggesting that cryptocurrency participation
complements rather than substitutes for trust. Additionally, re-
search on re-intermediation of crypto assets finds that public
distrust of the crypto coexists with comparatively high trust in
banks'!. In cases where institutional trust is historically low,
such as post-Soviet economies, this distinction between insti-
tutional and technological trust takes on particular relevance,
as citizens may distrust both systems simultaneously rather
than using one as a refuge from another.

H3: Trust in Kazakhstan’s Traditional Banking System Is
Negatively Associated With Cryptocurrency Trust

Generational Differences in Cryptocurrency Adoption

Generational theory posits that cohorts shaped by shared
events develop shared attitudes. Empirical work is consistent
with this: ownership rates decline systematically with age in
countries like Japan'? and Canada 3. Academic studies show
the same: younger individuals are significantly more inclined

to invest in cryptocurrency, with ownership rates declining as
age increases®.

H1: Generation Z Reports Higher Trust in Cryptocur-
rency Than Millennials and Generation X.

TAM in Cryptocurrency Research

Technology Acceptance Model (TAM) was introduced by
Davis in 19894, Tt suggests that adoption is driven by fol-
lowing key factors: perceived ease of use, perceived use-
fulness and external factors such as trust, social influence.
More extended version, Unified Theory of Acceptance and
Use of Technology (UTAUT) !> and TAM were used to deter-
mine the cryptocurrency adoption in diverse cultural regions:
Spain'®, Saudi Arabia'’, the United Arab Emirates '8, Thai-
land®, China'®, Hungary?, and India?!. The findings were
consistent and concluded that perceived risk reduces adoption,
while perceived usefulness and peer experience positively cor-
relate with it. Notably, there has been little to no research
applying TAM in post-Soviet countries, which allows a sig-
nificant gap in literature to exist. These literatures inform the
study without being tested in it. The survey instrument was
not designed to utilize TAM. TAM is therefore perceived as
contextualizing theory, offering why trust and perceived risk
shape adoption, rather than a model that is used in the study.

Post-Soviet Institutional Mistrust

Stalin’s rule of the USSR has been associated with elevated
institutional mistrust in post-Soviet countries. Research con-
ducted by Nikolova et al.” indicates that Stalinist-era repres-
sion created intergenerational mistrust. Notably, many of the
participants of Alash Orda, a party that tried to gain Kaza-
khstan’s independence, were repressed>?, which may amplify
the mistrust. However, previous devaluation of national cur-
rency may be associated with seeking an alternative to tradi-
tional banking. It creates a critical question for understand-
ing crypto adoption in Kazakhstan: does post-Soviet institu-
tional mistrust suppress trust in cryptocurrency, or does the
experience of tenge devaluation cancel this skepticism by mo-
tivating the search for alternatives? The present study cannot
answer this question since testing it would require direct mea-
surement of generalized institutional trust and of exposure to
historical repression. The post-Soviet literature is therefore
implemented here as contextual framing rather than as a tested
mechanism. Claims in this article about the post-Soviet setting
describe the context in which the data were collected.

Currency Instability and Cryptocurrency as a Hedge

A separate literature examines whether cryptocurrency is used
as protection against currency depreciation and inflation. Em-
pirical findings are mixed and depend on context. Evidence
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has questioned a consistent inflation relationship 23, while vec-
tor autoregression estimates indicate that Bitcoin returns rise
significantly following positive inflation shocks?*. Choi and
Shin? distinguish inflation-hedging and safe-haven proper-
ties directly, finding that Bitcoin acts as an inflation hedge
but not as a safe haven during market stress. However, cryp-
tocurrency use appears to rise during periods of geopoliti-
cal and macroeconomic tension?®, and stable coin trading
concentrates heavily in high-inflation economies like Turkey
and Argentina®’. Yet the most directly comparable evidence
is cautionary. Researching Turkish lira-denominated trading
volume, the closest available analogue to Kazakhstan, Oefele
et al.?® find no systematic link between crypto utilization and
significant lira depreciations and inflation shocks. Whether
cryptocurrency is used as a currency depreciation hedge re-
mains a question.

H2: Perceived Utility of Cryptocurrency as a Hedge
Against Tenge Devaluation Is Positively Associated with
Cryptocurrency Trust

Financial literacy and Cryptocurrency knowledge

Financial literacy is a strong predictor of investment behavior
generally?’, and a growing literature examines its role in cryp-
tocurrency adoption specifically. Findings are not uniform.
Research in Japan indicates that crypto adopters differ system-
atically from non-adopters in financial literacy '2, while US
data show that those holding cryptocurrency for investment
score higher on financial literacy than non-owners, but those
using it for transactions score lower®. Other work suggests
that investment experience may be more influential than liter-
acy itself3!, and that self-assessed and objectively measured
knowledge differ significantly32.

In summary, this study tests three hypotheses: that Gener-
ation Z reports higher cryptocurrency trust than older cohorts
(H1); that perceived hedging utility against tenge devaluation
is positively associated with trust (H2); and that trust in the
traditional banking system is negatively associated with cryp-
tocurrency trust (H3).

Methodology

Research Design

This study uses a quantitative cross-sectional design to exam-
ine the generational differences regarding cryptocurrency trust
in Kazakhstan. A structured online survey was conducted as
a primary data collection instrument. It was chosen because it
allows the most convenient and rapid method for participants.
Additionally, it enables comparison across groups, statistical
analysis and most importantly anonymity, which is vital in
post-Soviet contexts for financial data.

Survey Instruments and Data Collection

The survey was developed in Russian as it is the most accessi-
ble language for all participants. It was distributed via Google
Forms between April 3 and April 5 of 2026 getting 109 re-
sponses. The instrument was pretested by the counselor of the
school. She checked it for ethical concerns and whether the
questions were suitable for the research. Nothing was changed
after the review. The English item wordings reported in this
article were translated by the author after data collection, and
they were reviewed by the counselor and the English teacher,
both of whom are Russian speakers. It consisted of 10 struc-
tured questions divided into 4 areas: demographics, knowl-
edge/experience, trust and investment intentions. These ques-
tions were selected to ensure 3 core variables of the study —
generational difference, cryptocurrency trust and Kazakhstan-
specific case — were analyzed. Trust in cryptocurrency and in
banking were evaluated using five-point Likert scale, allowing
direct cross-system analysis. Remaining questions were in the
MCQ (multiple-choice questions) and categorical formats.

The full instrument, including exact wording in Russian and
translation in English, is in the appendix.

Cryptocurrency trust was taken as a respondent’s general
confidence in cryptocurrency as a financial instrument, mea-
sured with a single five-point item. This method does not dis-
tinguish among trust in the underlying blockchain technology,
in exchanges or custodians, in price stability, in fraud resis-
tance, or in store-of-value function; it is therefore an indicator
rather than a measure of any specific trust measure. Banking
trust was operationalized in parallel as general confidence in
Kazakhstan’s traditional banking system, measured with a sin-
gle five-point item, and carries the same limitation. Perceived
hedging utility was operationalized as belief that cryptocur-
rency provides protection against tenge devaluation, measured
on a five-point ordinal scale. Cryptocurrency knowledge was
operationalized as self-assessed familiarity on a four-point or-
dinal scale; no objective knowledge test was done.

Sampling

Respondents were distributed into 3 generational cohorts
based on self-reported birth year. The primary focus is on
Gen Z and Millennials (83.5% of the sample). Generation X
are included for contextual comparison. The survey was sent
only to adult acquaintances of the author; exact ages are un-
available because birth year was recorded in ranges.

Ethical Considerations

Prior to data collection, the study was approved by three IRB
members: Bakhadir Rismetov (PhD), Aigerim Sarzhanova
(PhD candidate) and Alua Zhumabekova (M.A.) of the
Shoqan Walikhanov Private School on the 16th, 3rd, and 10th
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Table 1 Sample composition by generations

Generation Birth Years n % of Sample
Generation Z 1997-2012 38 34.9%
Millennials 1981-1996 53 48.6%
Generation X 1965-1980 18 16.5%
Total 109 100%

of March 2026 respectively. No reference number was issued.
The survey was directly sent to the adult acquaintances known
personally by the author. No public link was posted and text
was not asked to be forwarded. Participation was voluntary
and anonymous. The survey description informed respon-
dents that their answers would be used for research, and no
names, email addresses, or other identifying information were
collected. Submission of the form was treated as consent to
participate.

Analysis of Statistics

Descriptive statistics were applied to determine findings.
Spearman correlation was used to examine bivariate relation-
ships between variables that were measured on a Likert scale.
T-test was conducted to compare mean cryptocurrency trust
scores between Generation Z and Millennials, and a one-way
ANOVA was used to test for significant differences across all
three generations. Multiple linear regression was then em-
ployed to identify the predictors of cryptocurrency trust.

The interaction was tested by adding generation X tenge-
hedge product terms to the main-effects model and compar-
ing fits via nested F-test, with cohort-stratified models fitted
as a robustness check. Generation was entered as indicator
variables with Millennials as the reference category, because
cohort is an unordered categorical variable and preliminary
means indicated a non-linear pattern across cohorts; the gen-
eration block was evaluated with a joint Wald test.

The survey was one-time and trust was measured with a sin-
gle item; therefore reliability cannot be measured. However,
validity can be measured with single items (see Table 2). Con-
vergent validity: a trust measure should correlate with the be-
haviors trust relates to. Trust correlates with ownership status
(p = .467) and investment willingness (p = .535), supporting
convergent validity. At p =.467 and p =.535, trust shares only
about 22% and 29% of its variation with ownership status and
investment willingness respectively. This means that discrim-
inant validity is supported as well: trust is related to these be-
haviors but is distinct from them. Known-groups validity tests
whether respondents whose answers to other items indicate
trust score higher on the trust item. Respondents who named
crypto as the most reliable savings method scored higher, M
=4.00 vs M = 2.64 for all other respondents; participants who

chose “nothing — I trust cryptocurrency” scored higher as
well, M = 4.20 vs M = 2.68 for all other respondents. Both
Mann-Whitney tests were significant. Known-groups validity
is supported, although both groups were small (n =9 and n =
5). The validity evidence supports reading the item as trust in
cryptocurrency, but it does not prove it.

Table 2 Validity evidence
Check

Trust x ownership status

Result
p =.467,p < .001
p =.535,p <.001

Trust x investment will-
ingness
M=400(n=9) vs M=2.64 (n=
100); Mann—Whitney U = 748.5, p
< .001
M=420(n=5)vs M =2.68 (n=
104); Mann—Whitney U = 421.0, p
=.013

Named crypto as most re-
liable savings method

Chose “nothing — I trust
cryptocurrency” on item 6

Limitations

All variables were measured at a single point of time, so me-
diation analysis cannot establish the causal ordering. Respon-
dents who already trust crypto may have come to believe it
protects against devaluation, meaning that belief could follow
trust instead of producing it. Additionally, owning crypto may
have shaped the trust participants reported, rather than trust
leading to ownership, since purchase had happened before the
survey.

Since the survey was conducted digitally, the participants
are likely to be more technologically proficient, and their re-
sponses could have been biased. Some may have answered
not as truthfully as possible due to social desirability or lack
of genuine engagement with the questions. Birth year ranges
instead of exact birth dates were used, preventing more pre-
cise analysis regarding the age. Sociodemographics were not
collected as well.

Exposure to the 2015 devaluation, realized financial losses,
and current depreciation expectations were not measured, so
the mechanism proposed in the literature review could not be
tested. The predictor is a belief about cryptocurrency, not an
experience of currency loss.

Trust was measured with a single global item rather than
multi-item scales. Consequently, internal consistency relia-
bility could not be estimated, and the measure cannot sep-
arate trust in the underlying technology from trust in ex-
changes, custody arrangements, price stability, fraud resis-
tance, or store-of-value function. Findings should be regarded
as something related to aggregate confidence in crypto, rather
than any specific facet. Additionally, the survey was pretested
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only by one person, so comprehension across all participants
cannot be verified. The survey was not back-translated.

Generalized institutional trust, exposure to Soviet-era re-
pression, and family history of political repression were not
measured. The post-Soviet context therefore functions as a
setting description rather than as a tested explanatory mecha-
nism.

The sample provided insufficient power to test moderation:
with n = 109, only interaction effects of 2 > 0.095 were de-
tectable at 80% power, so the non-significant generation X
tenge-hedge interaction should be regarded as not conclusive.

Results

Knowledge and Ownership

Figure 1 shows that the majority of respondents (61.5%) have
heard about cryptocurrency but know little, while 4.6% of par-
ticipants have reported no possessed knowledge of the crypto.
31.2% claim to know basics. Only 2.8% put their knowledge
level at expert, showing that nearly two-thirds of the survey
engage with the questions from the position of limited under-
standing.

70
60
50
a0
30
20

10

Figure. 1 Self-assessed crypto knowledge

Table 3 shows the ownership of crypto among participants.
Despite a generally low level of knowledge, ownership of
cryptocurrency is higher than expected. 41.3% of respondents
never owned crypto, and 19.3% both have not owned nor are
planning to, making 39.4% of participants current or prospec-
tive participants.

Table 3 Ownership

Response n %

No 45 41.3%
No, but planning to 25 22.9%
No, and not planning to 21 19.3%
Yes 18 16.5%
Total 109 100%

Generational Differences in Cryptocurrency Trust (H1):

Table 4 shows generational comparison. A one-way ANOVA
showed that cryptocurrency trust differed significantly across
the three generations (F(2, 106) = 3.29, p = .041). An
independent-samples t-test between Gen Z and Millennials
was also significant (t(89) = 2.51, p = .014), supporting H1
at the bivariate level. Gen Z recorded the highest mean trust
score (M =3.11), compared to Millennials (M =2.57) and Gen
X (M =2.56).

Tenge Devaluation Belief and Cryptocurrency Trust (H2):

Table 5 reveals whether belief that using cryptocurrency as a
tool against tenge devaluation is a stronger predictor of crypto
trust than generational identity. Spearman correlation between
tenge hedge belief and crypto trust was r = 0.548 (p < .001).
Generation, entered as an unordered cohort variable, differed
significantly across groups (F(2, 106) = 3.29, p = .041) but
accounted for substantially less variation. The 2.69-point gap
in mean crypto trust between those who strongly believe in
crypto as a hedge (M = 4.29) and those who reject this view
(M = 1.60) exceeds the 0.54-point gap between Gen Z and
Millennials. H2 is supported.

Banking Trust and Cryptocurrency trust (H3):

Table 6 examines whether distrust in traditional banking is as-
sociated with an increased trust in cryptocurrency. No statis-
tically significant relationship was observed. Therefore, H3 is
not supported.

Multivariate Predictors of Cryptocurrency Trust

A multiple regression analysis was done to identify indepen-
dent predictors of cryptocurrency trust, controlling for gener-
ation, tenge hedge belief, banking trust, and knowledge level
simultaneously (see Table 7). The model was significant over-
all, F(5, 103) = 12.08, p < .001, explaining 37.0% of variance
in cryptocurrency trust (R* = .370, adjusted R? = .339). Tenge
hedge belief was the strongest predictor (b = 0.538, 95% CI
[0.374, 0.702], p < .001), and then knowledge (b = 0.331,
95% CI [0.055, 0.607], p = .019). The generation block was
not significant in multivariate analysis, F(2, 103) = 1.29, p =
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Table 4 Trust by generation

Generation n Score 1 Score 2 Score 3 Score 4 Score 5 Mean
Gen Z (1997-2012) 38 3 2 23 8 2 3.11
Millennials (1981-1996) 53 12 9 24 6 2 2.57
Gen X (1965-1980) 18 4 5 6 1 2 2.56
Total 109 19 16 53 15 6 2.75
Table 5 Trust in Cryptocurrency vs. Belief That Crypto Protects Against Tenge Devaluation

Tenge Hedge Belief Score 1 Score 2 Score 3 Score 4 Score 5 n Mean
Yes — reliable hedge 0 0 2 1 4 7 4.29
Rather yes 2 1 9 10 2 24 3.38
Uncertain 5 5 25 2 0 37 2.65
Rather no 6 8 15 2 0 31 2.42
No — not a reliable hedge 6 2 2 0 0 10 1.60
Total 19 16 53 15 6 109 2.75

Table 6 Trust in Kazakhstan’s banking system vs. mean cryptocur-
rency trust score

Bank trust score n Mean crypto trust
1 — Completely distrust banks 4 2.75
2 27 3.04
3 — Neutral 45 2.51
4 23 291
5 — Completely trust banks 10 2.70
Overall 109 2.75

Note. Spearman r = —0.052, p = .594 (not significant). Scale: 1 = completely
distrust, 5 = completely trust.

.280. Gen X did not differ meaningfully from Millennials (b
=—0.099, p =.681).

To find the source of this weakening, the generation coeffi-
cient was traced across models. Entering knowledge did not
weaken the Gen Z coefficient (b = 0.575, p = .010); it re-
duced by more than half only when hedge belief was added
(b=0.249, 95% CI [-0.131, 0.629], p = .196; model without
bank trust; cf. b=0.257 in the full model reported in Table 7).
Consistent with this, cohorts differed significantly in hedge
belief (F(2, 106) = 3.68, p = .028; Gen Z M = 3.24 vs Millen-
nials M = 2.64, t(89) = 2.80, p = .006) but not in self-assessed
knowledge (F(2, 106) =0.27, p=.761). A bootstrapped test of
the generation — hedge belief — trust pathway showed a sig-
nificant indirect effect for Generation Z relative to Millennials
(ab = 0.327, 95% CI [0.086, 0.613], 5,000 resamples), with a
non-significant direct effect (b = 0.249, p = .196), controlling
for knowledge.

An exploratory generation X tenge-hedge interaction model
was fitted as a robustness check. The interaction block was
not significant, F(2, 101) = 1.31, p = .274, AR? = 016, and
the positive association between tenge-hedge belief and cryp-

tocurrency trust held within all three cohorts (Gen Z b = 0.35,
95% CI [0.05, 0.66]; Millennials b = 0.58, 95% CI [0.33,
0.83]; Gen X b = 0.70, 95% CI [0.29, 1.11]). A sensitiv-
ity analysis indicated that the design had 80% power to de-
tect only interactions of f2 > 0.095; the observed effect (f2
= 0.026) would require approximately 381 respondents. This
null result is therefore inconclusive.

Table 8 shows predicted cryptocurrency trust by tenge-
hedge belief and cohort. For all cohorts, the higher they rated
their tenge-hedge belief, the higher their predicted cryptocur-
rency trust was. However, in the first three rows Gen Z have
higher predicted trust than other cohorts; in the fourth, they
are essentially tied. In the “Yes” row, the pattern is opposite:
Gen X have the highest predicted trust, while Gen Z have the
lowest. The pattern should not be read as moderation, because
the interaction test was non-significant and underpowered, and
because Gen X’s interval is the widest in the table as there are
only 18 Gen X participants.

Regression diagnostics are reported in Table 9. Variance in-
flation factors were all 1.25 or lower and the condition number
was 29.4, indicating no collinearity concerns. The Breusch—
Pagan and RESET tests were non-significant, supporting ho-
moskedasticity and the adequacy of the linear specification.
Residuals departed from normality (W = 0.968, p = .010),
as expected for a bounded ordinal outcome. Two sensitiv-
ity checks indicated that the findings are not specification-
dependent: HC3 heteroskedasticity-robust standard errors left
all conclusions unchanged, and an ordered logistic model re-
produced the same pattern of significance (tenge hedge OR =
3.87,95% CI [2.47, 6.08], p < .001; knowledge OR = 2.67,
95% CI [1.41, 5.08], p = .003; generation block LR x2(2) =
2.74, p = .255).

Trust is conceptually distinct from behavioral intention and
realized adoption; therefore the relationship between them
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Table 7 Predictors of cryptocurrency trust (OLS, n = 109)

Predictor b SE 95% C1 t p
Intercept 0.423 0.478 [—0.525, 1.371] 0.885 .378
Gen Z (vs Millennials) 0.257 0.196 [—0.131, 0.646] 1.314 .192
Gen X (vs Millennials) —0.099 0.240 [—0.576, 0.378] —0.412 .681
Tenge hedge belief 0.538 0.083 [0.374, 0.702] 6.499 <.001
Knowledge 0.331 0.139 [0.055, 0.607] 2.377 .019
Bank trust —0.020 0.087 [—0.193, 0.153] —0.227 821

F(5,103)=12.08, p < .001. R2 = .370, adjusted R2 = .339. Millennials are the reference category. Joint Wald test of the generation block: F(2, 103) =1.29, p =

.280.

Table 8 Predicted cryptocurrency trust by cohort and tenge-hedge belief

Tenge-hedge belief GenZ

Millennials Gen X

1 —No

2 — Rather no

3 — Uncertain

4 — Rather yes
5 — Yes

237 [1.64,3.11]
2.71[2.24,3.18]
3.05 [2.76, 3.34]
3.39 [3.02, 3.75]
3.72[3.12,4.32]

1.58 [1.13, 2.03]
2.17[1.89, 2.45]
2.76 [2.51, 3.02]
3.36 [2.96, 3.75]
3.95[3.35, 4.55]

1.31[0.54, 2.08]
1.99 [1.48, 2.49]
2.67 [2.26, 3.08]
3.35 [2.76, 3.93]
4.02 [3.15, 4.90]

Note. Predicted means with 95% confidence intervals from the generation x tenge-hedge interaction model, with bank trust and knowledge held at their sample

means (3.07 and 2.32). Trust scale 1-5.

was tested directly: trust was measured by item 4, behavioral
intention by item 9, and adoption by item 3.

The three measures were related but not interchangeable.
Even though part of the respondents scored low on trust (1-2,
n = 35), 37.1% of them reported willingness to invest, though
only 8.6% had actually owned cryptocurrency. Among high-
trust respondents (4-5, n = 21), all of them reported willing-
ness and 38.1% had owned.

Table 10 shows that trust predicted behavioral intention (b
=0.448, 95% CI [0.309, 0.588], p < .001, R? = .276). Behav-
ioral intention predicted adoption (OR = 3.39, 95% CI [1.72,
6.70], p < .001). The total effect of trust on adoption was sig-
nificant (OR =2.29, 95% CI [1.30, 4.04], p = .004), but the di-
rect effect was not significant once intention was included (OR
=1.60, 95% CI1[0.84, 3.03], p=.152), a 43.5% attenuation. A
bootstrapped indirect effect (5,000 resamples) excluded zero,
ab =0.489, 95% CI [0.185, 0.909].

These results are consistent with a trust — behavioral inten-
tion — adoption sequence in which trust relates to adoption
indirectly, through intention.

Generational Differences in Barriers

Figure 2 distinguishes distrust factors by generations. Fraud
risk is dominant across all generations (39-49%). Millenni-
als are also concerned about government regulation the most
among other generations. Gen X, however, are distinctively
concerned about complexity of use (38.9%), which suggests
that barriers differ by generation. Gen Z, on the other hand,
does not have a single dominant concern.

® Genz Millennials @ Gen X
I
Risk of fraud

L
I

High price volatility
L

Lack of government regulation -

L1

Complexity of use
L

No distrust .

OJ
(0] 5 10 15 20 25 30

Figure. 2 Main reasons for distrust by generations

Trust-Building Mechanisms

Figure 3 shows that even though mean trust was moderate,
67% of the participants are willing to invest at least some
part of their finances into cryptocurrency, suggesting that trust
score and behavioral intention are not equal. The generational
difference is notable: 76.3% of Gen Z participants are willing
to invest, whilst only 58.5% of Millennials are inclined to do
the same. Notably, as percentage of savings willing to be in-
vested increases, number of Millennials decreases, whilst Gen
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Table 9 Regression diagnostics and collinearity statistics

Diagnostic Statistic Interpretation

VIF — tenge hedge belief 1.09 No collinearity

VIF — knowledge 1.01 No collinearity

VIF — bank trust 1.05 No collinearity

VIF — Gen Z 1.25 No collinearity

VIF — Gen X 1.14 No collinearity

Condition number 29.4 Below conventional threshold of 30

Breusch—Pagan
RESET (functional form)
Durbin—Watson
Shapiro—Wilk (residuals)

LM =2.06, p = .841
F=0.11,p=.744
227

W =0.968, p =.010

Homoskedastic

Linear specification adequate

No autocorrelation

Non-normal; addressed by sensitivity checks

Note. Diagnostics computed on the OLS model reported in Table 7 (n = 109). VIF = variance inflation factor.

Table 10 Trust, behavioral intention, and adoption (n = 109)

Path Estimate 95% CI p
Trust — intention (OLS b) 0.448 [0.309, 0.588] < .001
Intention — adoption (OR) 3.39 [1.72, 6.70] < .001
Trust — adoption, total (OR)  2.29 [1.30, 4.04] .004
Trust — adoption, direct (OR) 1.60 [0.84, 3.03] 152
Indirect effect (ab) 0.489 [0.185,0.909] —

Note. Adoption dichotomized as current or prior ownership versus all other
responses. Indirect effect from 5,000 bootstrap resamples.

Z increases up to 5-15%.

Figure 4 reveals that main ways of building trust are dif-
ferent for each generation. Even though for all cohorts better
understanding of technology is the key factor, the second most
important cause differs. Millennials and Gen X selected that
they need more government regulation and protection, while
Gen Z respondents are more concerned about price stabiliza-
tion and peer experience (both 42.1%). Notably, only 3.7% of
all participants would never trust crypto.

Conclusion

This study asked what is associated with cryptocurrency trust
in Kazakhstan and how generational identity compares with
Kazakhstan-specific beliefs. The answer is that perceived
hedge utility against tenge devaluation is the strongest predic-
tor, with self-assessed knowledge being the second. However,
generation does not predict trust independently once hedge be-
lief and knowledge are controlled.

Generational differences are observed at the bivariate level,
but do not remain significant after accounting for knowledge
and perceived hedge utility. Gen Z respondents were signifi-
cantly more likely to view crypto as a tool against tenge depre-
ciation, and the generation coefficient lost about half its mag-
nitude and all of its significance once hedge belief entered the
model, and a bootstrapped indirect effect through hedge belief

® cenz Millennials Gen X

25
20

15

10
| I I
0 p—
0% - not willing  Up to 5% 5-15% More than 15%

Figure. 3 Amount of savings participants willing to invest in crypto
by generation

was significant. Trust in traditional banking systems showed
no statistically significant relationship with crypto trust, sug-
gesting that respondents do not view crypto as a substitution
of traditional banking. These results are also consistent with a
trust — behavioral intention — adoption sequence, in which
trust relates to adoption through intention rather than directly.
Because all measures were collected at one point in time, the
ordering in both indirect effects remains untested.

Theoretical Contributions

This study contributes to the behavioral finance literature on
crypto in four ways. First, it suggests that differing beliefs
about macroeconomic functions are a more important predic-
tor of generational difference than self-assessed knowledge.
Second, it does not support the hypothesis that cryptocurrency
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Figure. 4 Factor that would increase trust in cryptocurrency by gen-
eration.

serves as a substitute for traditional banking systems. Third, it
suggests generation-specific trust barriers, and possible ways
to resolve them. Fourth, it distinguishes trust from behavioral
intention and adoption, which cryptocurrency research has of-
ten treated as proxies for one another, and suggests that trust
relates to adoption indirectly through intention rather than di-
rectly.

Practical Implications

If these stated preferences correspond to actual factors of trust,
the following could be implemented: first, to increase cryp-
tocurrency trust among Gen X and Millennials government
regulations and protection could be improved, and primarily
focused on the two groups. Fintech companies could target
Gen Z by demonstrating market stability and advertising by
using successful peer experiences. All cohorts selected better
understanding of technology as a trust-builder.

Future Research

Future studies should include random sampling, exact birth
years and validated psychometric scales for institutional trust
and risk tolerance to get more precise results. Additionally,
variables like devaluation exposure, realized losses, deprecia-
tion expectations, temporal ordering should be added. Com-
parative studies across Central Asian post-Soviet countries
could help determine which of the present findings are specific
to Kazakhstan, and which reflect broader regional patterns.

Separate multi-item scales like trust in the blockchain, an
exchange, custody, price stability, fraud resistance, or the as-
set as a store of value would allow an estimation of internal
consistency. That way, trust structure would be explored bet-
ter as well.

A direct testing of TAM in this context would require per-
ceived usefulness and perceived ease-of-use scales, allowing

usage of the full acceptance model.

Testing whether post-Soviet institutional mistrust shapes
cryptocurrency trust would require measurements of exposure
to Soviet-era repression, and family history of political repres-
sion.

Additionally, this study only covered whether people be-
lieved that crypto protects against devaluation, rather than
whether it actually did. Answering the latter would require
market data: KZT-denominated cryptocurrency returns com-
pared with benchmarks such as US dollar, gold, bank deposits.
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Appendix

The instrument was fielded and written in Russian and was pretested by the counselor of the school. The English item wordings
reported in this article were translated by the author after data collection, and they were reviewed by the counselor and the English

teacher. No back-translation was performed.

Recruitment text:

MoskeTe noxaiyiicta NpOHTH ONPOCHUK /NS cTaThi. Bymy Gnaronapen ecim npoiigere!

«/loBepue K KpUNTOBANIOTE CPeIN pa3HBIX NoKkosieHnil B Kazaxcrane»
«Onpoc 3atimém ne 6onee 3 murnym. Bce omeemol anonumnol. Bawu omeemol 6yoym ucnonwv306amecs 8 Kauecmee OAHHbIX 05l
CO30aHUS, CMAMblL. »

Translation:

Please could you take the survey for an article. If you do, I will be grateful!

“Trust in cryptocurrency among different generations in Kazakhstan”

“The survey will not take more than 3 minutes. All answers are anonymous. Your answers will be used as data for writing an

article.”

Questions with English Translation

#  Original questions English translation Format

1 Korga Bbl poaunucs? When were you born? Single-select: 1965-1980 / 1981-1996 / 1997-2012

2 Kak Bbl OLIeHHBaeTe CBOY 3HAHUSA B How do you assess your knowledge of Single-select: Hu4ero He 3Haro(know nothing) / cibiian(a)
00J1aCTH KPUIITOBATIOTHI? cryptocurrency? Ho MaJio 3Haio(have heard about it but know little) / 3Hat0

ocHoBbI(know basic principles) / oTimuHO
pasoupatoch(expert knowledge)

3 Buageere i BBl KpUIITOBAIIOTOMN Do you currently own or have you Single-select: pa(yes) / HeT(no) / HeT, HO IIaHUpy0(no, but
ceifyac WM Bi1ajieny paHblie? previously owned cryptocurrency? plan to) / Het 1 He ruianupyio(no and do not plan to)

4 HackosnbKo BbI JoBepsieTe How much do you trust cryptocurrency 5-point scale, 1-5(1-do not trust, 5S-completely trust)
KPMIITOBAJIOTE KaK (pMHAHCOBOMY as a financial instrument?

MHCTPYMEHTY?

5 Cuuraere M Bbl KDUIITOBAIIOTY Do you consider cryptocurrency a Single-select: Het(no) / ckopee HeT(probably not) /
HaJIEKHOM 3aLIUTO OT JeBaIbBalIUU reliable protection against tenge 3arpyaHsock oTBeTUTh(do not know) / ckopee ga(probably
TeHre? devaluation? yes) / na(yes)

6 Yo BBI3BIBAET y BAaC HAMOOIbIIEE What causes you the greatest distrust of ~ Multi-select: BbicoKasi BOJIaTHIBHOCTb Kypca / OTCYTCTBUE
HeJoBepye K KpUNToBaoTe? cryptocurrency? rocyJapCTBEHHOTO PeryJMPOBaHNUs / PUCK MOIIIEHHUYECTBA

/ CIIOKHOCTDb UCIIONb30BaHHsl / HUYEro — 1 IOBEPSIIO
KPHUIITOBATIOTE

7  HackonbKo Bbl JOBepsieTe How much do you trust Kazakhstan’s S-point scale, 1-5. 1 = do not trust; 5 = completely trust.
TPaAMIMOHHON OaHKOBCKOM cUcTEMe traditional banking system?

Kasaxcrana?

8  Kakoii cioco6 xpaHeHus cOepexeHuit Which method of storing savings do Multi-select: GaHKOBCKHii BKJIaj B TeHre / OAaHKOBCKHUIA
BbI CUMTAETE HAMOOJIEE HAIEKHBIM? you consider most reliable? BKJIaJ] B MHOcTpaHHo# Bamote (USD, EUR) / HanmuHble

JoMa / KpUIITOBATIOTa / 30710TO / HEABMKUMOCTD / aKLIUK U
LIeHHble OyMaru

9  Kakyio oo cOepexeHHuil Bbl TOTOBbI What share of your savings are you Single-select: 0% / <5% / 5-15% / 15%>
BJIOKUTb B KPUITOBATIOTY ? willing to invest in cryptocurrency?

10 Yro moruo 6bl moBbIcHTH Batie JoBepue  What could increase your trust in Multi-select: rocygapcTBeHHOE peryIMpoBaHUe U 3aiuTa /

K KPI/IHTOBEU'[K)TC?

cryptocurrency?

cTabunu3anyst Kypea / Jydiiee TOHUMaHUe TeXHOIOTHH /
TIOJIOXKHUTEJIbHBIA OITBIT 3HAKOMBIX / HUUEro — 51 yke
JIOBEpSiio / HUYero — sl HUKoraa He Oyzy 10BepsTh

Translations of 6, 8 and 10 Response Options Respectively:

6: Multi-select: high price volatility / absence of government regulation / risk of fraud / complexity of use / nothing — I trust

crypto
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8: Multi-select: bank deposit in tenge / bank deposit in foreign currency(USD,EUR) / cash at home / crypto / gold / real estate /
stocks and securities

10: Multi-select: government regulation and protection / price stabilization / better understanding of technology / positive peer
experiences / nothing — I already trust / nothing — I will never trust

Coding Rules

Items 4 and 7 were analyzed as recorded on their original 1-5 scales. Item 2 was coded 1-4 (amuero He 3Ha0(know nothing) = 1;
capimai(a) Ho masio 3Hato (have heard about it but know little) = 2; 3nat0 ocHoBbI (know basic principles) = 3; oTiHuHO pa3zdupaioch
(expert knowledge) = 4). Item 3 was coded 14 (HeT u He maHupyto(no and do not plan to) = 1; HeT (no) = 2; HET, HO MJIAHUPYIO
(no, but plan to) = 3; ga (yes) = 4). Item 5 was coded 1-5 (HeT (no) = 1; ckopee HeT (probably not) = 2; 3aTpyaHSIOCh OTBETUTD
(do not know) = 3; ckopee ja (probably yes) = 4; na (yes) =5). Item 9 was coded 1-4 (0% = 1; <5% =2; 5-15% = 3; 15%> =4).
Birth-year ranges were implemented into cohorts: 1997-2012 = Generation Z; 1981-1996 = Millennials; 1965-1980 = Generation
X. Multi-select items (6, 8, 10) were analyzed as binary indicators for each option. Two response labels contain internal commas
— "Her, HO manupyw” (“No, but plan to”) and "6ankoBckwuii Bkjiaa B uHocTpanHou Bamote (USD, EUR)”(bank deposit in foreign
currency (USD,EUR)”)— which required explicit handling when parsing comma-separated multi-select responses.
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