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This paper reviews the differing claims made by practitioners and academic literature on the efficacy of microcredit. The
review compares the findings of 7 randomised controlled trials (RCTs), 5 meta-analyses and systematic reviews, and 8 quasi-
experimental studies identified through EconLit, JSTOR, Web of Science and the J-PAL database, with the claims made within
the websites and published reports of three prominent microcredit institutions embodying distinct lending models. Practitioners
rely almost entirely on operational metrics and anecdotal success stories that are not representative of overall borrower welfare.
The literature shows that while microcredit does objectively stimulate business investment, this is only among households with
prior entrepreneurial ventures, while the average effects on household income and consumption remain statistically insignificant.
(Meager, 2019) pools all seven trials and computes the effect size at 5–7% of control-group means, though with a credible interval
that does not exclude zero. (Schicks, 2013) exposes how microcredit can exacerbate overindebtedness in a Ghanaian context,
and broader heterogeneity literature shows that the ultra-poor, the demographic practitioners ostensibly target, benefit least.
The divergence is attributed to practitioners possessing differing institutional incentives, methodological capacity, measurement
priorities and reporting horizons. The review recommends mandatory RCT-based evaluation, standardised outcome metrics,
evidence-aligned communication, differentiated targeting by borrower profile and donor accountability mechanisms. This review
is qualitative in design and restricted to three case-study institutions, the analytical limitations of which are addressed thoroughly.

Keywords: microcredit, microfinance, randomised controlled trials, poverty alleviation, impact evaluation, over-indebtedness,
evidence-based policy, heterogeneous treatment effects

Introduction

Since the 1970s, microcredit practitioners have maintained
that by providing small, uncollateralised (per a traditional
banking definition) loans to low-income individuals, pol-
icymakers can enable them to build entrepreneurial ven-
tures whose additional income enables their social mobility.
(Ledgerwood, 1999)1 specifically articulated the theoretical
case that the development world largely accepted for decades.
The model started small, with Muhammad Yunus’ Grameen
Bank in rural Bangladesh, before growing into a global indus-
try that drew philanthropic capital, development-agency en-
dorsement and eventually large-scale commercial investment.

Since conventional banks exclude the poor due to a lack of
collateral, microcredit uses a group-based lending methodol-
ogy where peer monitoring and collective repayment obliga-
tions fulfil the role of physical assets, thereby, practitioners ar-
gue, ensuring access to credit that was previously denied. Mi-
crofinance institutions (MFIs) such as Grameen Bank, Kiva
and FINCA International began to reach tens of millions of
borrowers across the dozens of countries between them, and
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by 2018 the global outstanding microcredit portfolio reached
approximately $124 billion (Convergences, 2019)2.

Note that microcredit and microfinance are not necessarily
the same intervention. Where microfinance encompasses the
full range of basic financial services extended to underserved
communities, including savings, insurance, and credit, micro-
credit refers specifically to loans within this broader category.
Since practitioners consistently frame their initiatives through
microcredit, it forms the basis of this review.

The issue is that academic evidence does not support micro-
credit’s effects the way practitioners describe. Across a wide
range of experimental settings, RCTs produce average effects
on household income and consumption that are too small to
be statistically significant. This gap also manifests in what
gets measured, how those measurements are computed, which
borrowers end up as practitioner case studies and what institu-
tional incentives drive practitioners’ communications.

Research Gap and Significance

The mixed evidence on microcredit’s efficacy is already well-
documented within the existing literature, such as (Duvendack
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et al., 2011)3 and (Duvendack and Mader, 2019)4. What is
lacking, however, is critical analysis comparing practitioner
claims with this evidence, and crucially, an explanation as to
why this gap manifests. If this divergence remains misun-
derstood, it can lead to counterproductive intervention design,
significant opportunity costs for donors and substantial harm
to borrowers that take on crushing debt based on misguided
information.

Research Question

To what extent do the impact claims advanced by leading
microcredit institutions correspond to the findings of peer-
reviewed experimental research, and what structural factors
explain the observed divergence?

Literature Review

Early Research and Theoretical Foundations (1980s to
2000)

The majority of early microcredit research comprised sum-
maries of repayment performance and client experiences
alongside individual case studies (Hulme and Mosley, 1996)5.
(Pitt and Khandker, 1998)6 were some of the first empirical
researchers to find significant positive effects on household
consumption, with especially pronounced effects for female
borrowers. Their findings, obtained through their investiga-
tion of the Bangladeshi Grameen Bank, contributed to policy
adoption worldwide.

However, (Roodman and Morduch, 2013)7 later found that
the eligibility criteria that their study’s conclusions relied on
were empirically unfounded. This was to such a signifi-
cant extent that when alternative estimators were applied, the
original poverty reduction results disappeared (though this is
still an ongoing methodological debate within the literature).
This is exemplified within an earlier Thai study conducted
by (Coleman, 1999)8, which found significant upward bias
introduced by poorly selected comparison groups. Observa-
tional designs cannot control for how individuals may differ
in entrepreneurial ability, social networks or non-monetary re-
sources possessed, the effects of which can be misattributed to
the introduction of credit.

Critical Reassessment (2000 to 2010)

This was the era within which academic literature began to
see more methodological rigour informing greater scrutiny of
the evidence. When (Morduch, 1999)9 reanalysed Grameen’s
own data, he found high repayment rates but no detectable
poverty reduction, implying that operational performance can-
not be used as the sole indicator of welfare impact.

(Cull, Demirguc-Kunt, and Morduch, 2007)10 later showed
that as MFIs commercialised, they increasingly prioritised
wealthier clients and moved from group lending to individ-
ual loans, diluting the original focus of the microcredit model.
(Schicks, 2013)11 Ghanaian analysis found that approxi-
mately 30% of microborrowers met a customer-protection
definition of overindebtedness, with borrowers cutting essen-
tial consumption, taking on extra loans to service existing
debt, and experiencing severe financial stress. This is com-
plemented by (Rahman, 1999)12 investigation of Grameen,
which revealed the use of coercive group dynamics to inflate
repayment rates. These findings implied that scaling MFIs,
at the expense of borrower wellbeing, were optimising to the
proxies of borrower wellbeing instead.

The Experimental Evidence Era (2010 to Present)

Between 2009 and 2013, seven RCTs spanning India, Mo-
rocco, Bosnia and Herzegovina, Ethiopia, Mexico, Mon-
golia and the Philippines only bolstered the increased aca-
demic scrutiny of microcredit. (Banerjee, Karlan and Zinman,
2015)13 synthesised six of these studies and did find that busi-
ness investment rose, but only among households with a prior
enterprise; the average effects on household income and con-
sumption, meanwhile, did not satisfy the threshold for statisti-
cal significance. This realisation that detectable welfare gains
may not manifest even if credit was deployed productively into
existing businesses was an important finding.

(Meager, 2019)14 then applied Bayesian hierarchical mod-
elling to all seven studies, estimating that the average treat-
ment effect on all welfare outcomes was approximately 5–
7% of control group means, though the posterior assigned a
substantial probability to the possibility that the true effect
is approximately zero. The analysis also found that around
60% of the variation in effects measured across studies was
not attributable to contextual heterogeneity but instead sam-
pling variation, implying that the evidence base that even these
meager conclusions were founded upon has moderate exter-
nal validity. (Duvendack and Mader, 2019)4 in a later meta-
analysis of 11 studies, concluded that financial inclusion in-
terventions are more likely to have positive effects than neg-
ative ones, but that these effects (namely income, asset and
spending) are small, variable, and notably not transformative
in scope or scale. (Chliova et al., 2015)15 meta-analysis of
90 studies corroborates through finding small positive aver-
age effects prominent in more deprived contexts, though still
concentrated within direct business metrics than household in-
come. (Karlan and Zinman, 2011)16 found that while micro-
credit in the Philippines did improve household’s abilities to
cope with risks, it did not result in any effect on income. These
findings are summarised below:
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Table 1 Summary of Key Academic Studies Reviewed

Study Design Setting Key Finding Key Limitation

(Banerjee et al., 2015)17 RCT India Business investment up; in-
come/consumption unchanged

18-month follow-up only

(Crépon et al., 2015)18 RCT Morocco Business profits up for en-
trepreneurs; wage income fell

Rural context

(Augsburg et al., 2015) 19 RCT Bosnia Growth for prior entrepreneurs; re-
duction in consumption and sav-
ings; no increase in overall house-
hold income

Developed MFI market

(Angelucci et al.,
2015) 20

RCT Mexico No transformative impacts across
income, expenditure, or en-
trepreneurship outcomes; no
significant average income gains

Study population drawn
from community-level
expansion, not individual
applicants; 110% APR
context may limit general-
isability

(Attanasio et al., 2015) 21 RCT Mongolia Women’s entrepreneurship up;
household food consumption rose;
no significant effect on total house-
hold income

Joint-liability, unusual mar-
ket

(Karlan & Zinman,
2011) 16

RCT Philippines Risk coping improved; no income
effect

Second-generation clients

(Tarozzi et al., 2015)22 RCT Ethiopia No significant effects on any out-
come

Low take-up limited power

(Meager, 2019)14 Bayesian
meta-
analysis

7 RCTs Effects 5–7% of control means;
zero plausible for all outcomes

Restricted to 7 studies

(Chliova et al., 2015)15 Meta-
analysis, 90
studies

Multi-country Small positive effects; larger in de-
prived contexts

Heterogeneous outcome
measurement

(Duvendack & Mader,
2019) 4

Cochrane
review, 32
studies

Multi-country Effects more likely positive than
negative, but small, variable, and
not transformative; no evidence of
effects on core poverty indicators at
scale

Low confidence in evidence

(Schicks, 2013)11 Survey Ghana 30% of borrowers over-indebted Single-country

Methodology

Study Design

This review takes a qualitative approach by comparing prac-
titioner narratives against an academic evidence base through
a combination of systematic literature search and structured
content analysis. Since the practitioners under review do not
share standardised outcome data, this paper cannot be char-
acterised as a full systematic review with quantitative meta-
analysis. It is instead better thought of as a critical com-

parative review that incorporates systematic review literature
within its evidence base.

Literature Search and Inclusion Criteria

Four databases were used to build the academic evidence base:
EconLit, JSTOR, Web of Science, and the J-PAL Evidence
Repository. The relevant Boolean query is as follows: (“mi-
crocredit” OR “microfinance”) AND (“impact evaluation” OR
“randomised controlled trial” OR “RCT” OR “meta-analysis”
OR “systematic review”) AND (“poverty” OR “income” OR
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“consumption” OR “welfare” OR “household”). The corpus
consisted largely of English peer-reviewed studies published
from January 2000 to December 2024, with pre-2000 work
captured by a backward citation search.

The focus was on peer-reviewed publications with exper-
imental or rigorous quasi-experimental designs that focused
on low- or middle-income country settings and at least one
economic welfare outcome measure. Studies that were purely
descriptive or theoretical, or failed to describe a comparative
baseline, were excluded.

Applying inclusion and exclusion criteria to initial searches
yielded 94 studies in total, of which 20 (comprising 7 RCTs, 5
meta-analyses and systematic reviews, and 8 additional quasi-
experimental studies) were selected to form the core evidence
base.

MFI Selection

Three MFIs were selected for practitioner analysis on the ba-
sis of their institutional prominence, methodological diver-
sity, geographic scope, and the availability of public materi-
als. These were Grameen Bank, representative of the origi-
nal group-lending model in South Asia; Kiva, a digital peer-
to-peer platform connecting individual microlenders to mi-
crocredit organisations and their borrowers; and FINCA In-
ternational, embodying the decentralised ‘village banking’
model. The practitioner materials analysed included institu-
tional websites and publicly available outcome reports.

Analytical Approach

The nature and specificity of impact claims, evidence collec-
tion methodology, acknowledged limitations and the causal
language used (even if subjective) were examined within the
aforementioned corpus. Each individual institution’s claims
are documented within Section 4. Practitioner claims are
compared against the academic literature across five dimen-
sions: institutional incentives, methodological capacity, mea-
surement focus, selective reporting, and temporal horizons,
within Section 6.

Limitations of Methodology

There are pressing limitations of this methodology warrant-
ing acknowledgement. Generalisability to the broader sec-
tor is limited by confining the number of MFIs analysed to
3. Specific estimates of divergence cannot be quantified due
to the paper’s qualitative nature. Additional analysis is con-
strained by the monolingual nature of the academic corpus;
more domestically-relevant analysis may have thus been omit-
ted on the basis of language. There is a risk of interpretive bias
due to the review being conducted by a single researcher.

Practitioner Narratives

Though each institution embodies a unique model of mi-
crocredit, there are structural similarities in how each MFI
presents and supports its own claims.

Grameen Bank

Impact Claims
Grameen Bank explicitly states that offering microcredit to

the underprivileged “has lifted millions out of poverty”, as-
serting that its 97% female borrowership is an accurate rep-
resentation of its commitment to female household decision-
making (Grameen Bank, 2023)23. Grameen repeatedly touts
the widespread replication of its model as evidence of institu-
tional effectiveness.

Evidence Provided
The evidence presented for Grameen’s claims is opera-

tionally input focused: approximately 10 million active bor-
rowers as of 2023, a repayment rate crossing 97%, and cu-
mulative loan disbursements exceeding $37 billion since the
institution’s inception. Its promotional materials feature testi-
monials following a consistent narrative: initial poverty, loan
receipt, enterprise creation, income growth and improved fam-
ily welfare.

Evidence Collection Methodology
Grameen does not disclose an independent methodology,

though it can be inferred that its operational metrics are de-
duced using methods removed from measuring borrower well-
being. For example, repayment rate is a portfolio manage-
ment metric computed using scheduled payment collection.
Grameen does not disclose if its operational metrics are ad-
justed for their potential consequences, such as factoring po-
tential indebtedness into its use of repayment rate as a proxy
for poverty relief. Testimonials are selected without disclosed
sampling methodology, comparison group, or case selection
criteria.

Limitations Acknowledged
None. Alternative interpretations of its operational met-

rics or the mixed academic literature are not disclosed by
Grameen’s materials.

Kiva

Impact Claims
Kiva’s website continuously asserts that its loans “unlock

opportunity” and “create pathways out of poverty”. Similar to
Grameen, Kiva also touts its 96.2% repayment rate as a head-
line proxy of borrower success (Kiva, 2024)24. The institu-
tion frames its vision as a fundamentally inclusive global mi-
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crolending system through its extensive partnership with myr-
iad other MFIs.

Evidence Provided
In 2024, Kiva (alongside other MFIs) commissioned social

analytics firm 60 Decibels to survey over 36,000 microfinance
clients across 126 financial service providers. This Index re-
ported that 89% of respondents stated that their lives improved
overall because of their loans with approximately 80% report-
ing increased business income (Fuentes et al., 2024)25.

Evidence Collection Methodology
Phone surveys with borrowers selected from active client

lists provided by participating MFIs comprised the founda-
tional methodology used within 60 Decibels’ report. This in-
troduced three potential caveats: the introduction of survivor-
ship bias, as programme dropouts, defaulters, rejected appli-
cants, and borrowers that experienced negative outcomes and
do not borrow from these MFIs anymore are excluded; it mea-
sures subjective self-assessment without a valid counterfactual
(as an RCT would), making it epistemically invalid to attribute
improvements to credit access; lastly, interviews were con-
ducted with active clients of the institutions whose services
are being assessed, introducing social desirability effects as
clients may feel compelled to provide more favourable assess-
ments of the lender with which they hold an ongoing loan re-
lationship.

Limitations Acknowledged
In contrast to Grameen’s lack of limitations, the 60 Deci-

bels report does acknowledge that samples are drawn from
active borrower pools (enabling some of the prior analysis)
and that self-reported data reflects perceptions rather than ob-
jective welfare measurement. However, it does not address the
aforementioned absence of counterfactuals or the implications
of survivorship bias for the 89% figure.

FINCA International

Impact Claims
FINCA asserts that credit access enables business creation,

home improvement, and children’s education investment, por-
traying itself as the provider of financial services that empower
low-income entrepreneurs to grow their enterprises and im-
prove their households’ standards of living (FINCA, 2023)26.

Evidence Provided
Similar to both Kiva and Grameen, their evidence consists

of operational statistics: 2.1 million active clients creating a
$639 million loan portfolio with presence across 20 countries.
Similar to Grameen, client stories from diverse contexts are
presented as representative of typical outcomes.

Evidence Collection Methodology
Similarly to Grameen, there is no systematic evidence col-

lection protocol disclosed, including the lack of a definition
for a baseline or control group against which the evidence is
provided.

Limitations Acknowledged
In a similar fashion to Grameen, FINCA’s public commu-

nications do not acknowledge the intrinsic limitations of input
metrics as welfare proxies or the mixed academic literature.

Comparative Analysis

Despite their vastly different methodologies, all three MFIs
similarly conflate operational performance metrics with de-
velopment outcomes: a 96–97% repayment rate, for exam-
ple, says nothing about whether borrowers’ welfare improved.
While high repayment is representative of commercial suc-
cess in the banking sector, it may also be consistent with con-
sumption sacrifice, the procurement of additional loans to pay
off the initial one, and/or social coercion that infringes on the
poverty alleviation goals of microcredit. (Schicks and Rosen-
berg, 2011)27 CGAP analysis establishes this epistemically:
high repayment and high distress are empirically compatible.
None of these MFIs disclose any mechanism by which finan-
cial distress can be decoupled from welfare-positive repay-
ment within their self-reported operational metrics.

Moreover, all three MFIs present anecdotal narratives as if
they are representative of the typical borrower. It is likely
practitioners do this because compelling individual stories are
much better at raising sufficient donor capital than raw data
alone, even if it is methodologically shortsighted. The issue,
however, is that within a program serving tens of millions of
borrowers there are likely to be several individual successes
due to random variation alone even if the average treatment
effect is zero. Presenting these case studies without expressly
disclosing how they were selected and/or how generalisable
they are to the typical borrower is misleading, even when the
story itself is completely genuine.

Academic Evaluations

RCT Methodology: Strengths and Limitations

One of the most central criticisms of practitioner materials
presented within this review is the absence of a valid coun-
terfactual to compare treatment effects against. Experimental
literature primarily addresses this through the RCT: a suffi-
ciently random allocation of credit access creates statistically
equivalent groups that can be used to establish a baseline be-
fore the intervention is introduced, meaning that any diver-
gence in outcomes can be credibly traced to the intervention
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Table 2 Comparative Summary of MFI Practitioner Claims and Evidence

Dimension Grameen Bank Kiva FINCA International

Primary impact claim Poverty elimination;
women’s empowerment

Unlocking opportunity;
pathways out of poverty

Empowering entrepreneurs;
asset building

Headline evidence 97% repayment; 9.6M bor-
rowers

96.2% repayment; 89%
self-reported improvement

2.1M clients; $639M port-
folio

Evidence type Operational metrics; testi-
monials

Operational metrics; self-
reported survey

Operational metrics; testi-
monials

Counterfactual compari-
son

None None None

Independent evaluation None 60 Decibels (methodology
limited)

None

Negative outcomes dis-
closed

None None None

Limitations acknowl-
edged

None Partial (methodological) None

itself. Note that this is different from comparing active par-
ticipants to non-participants or tracking participants over time
without a comparison group, because a valid counterfactual
is a statistically rigorous baseline against which the interven-
tion’s performance can be benchmarked.

However, there are limitations to RCTs. Notably, the per-
centage of the treatment group that actually borrow (other-
wise known as the take-up rate) is typically low, often be-
tween 13 and 30%. The statistical convention is to measure the
intention-to-treat by computing the average effects across all
eligible individuals within the treatment group (not just those
who actually borrow), affecting estimates of the treatment’s
implications considerably.

(McKenzie, 2012)28 also found that determining small
treatment effects on noisy, low-autocorrelation outcomes such
as household consumption requires significantly larger sam-
ples than are typically feasible. This implies that the null re-
sults determined by some RCTs may reflect the insufficient
statistical power of the experimental design rather than the in-
efficacy of the underlying treatment effects. Shorter follow-
up periods of 12–36 months may not indicate the longer-term
benefits of increased credit access. Note that this is caution
against treating null results as gospel, not reasons to invalidate
the findings of RCTs.

Business Investment

Experiments consistently find that business investment in-
creases within households operating enterprises before the
treatment was introduced. (Banerjee, Karlan, and Zinman,
2015)13 found specifically that while existing businesses ben-

efit from an increase in capital reserves, the evidence for the
creation and growth of new enterprises is significantly weaker.
(Meager, 2019)14 finding of a 5–7% average treatment ef-
fect on all welfare outcomes extends to business investment,
though with the same caveat of a nontrivial posterior prob-
ability of zero and significant variation across experimental
settings. Both findings establish that microcredit is not suf-
ficient enough to stimulate borrowers to create new ventures,
though acknowledge its benefits in growing prior ones.

Household Income and Consumption

The most striking piece of evidence is the statistical insignifi-
cance of treatment effects on household income and consump-
tion. Alongside (Meager, 2019)14 findings, individual stud-
ies confirm this across six countries: India (Banerjee et al.,
2015)17, Morocco (Crépon et al., 2015)18, Bosnia (Augsburg
et al., 2015)19, Mexico (Angelucci et al., 2015)20, Ethiopia
(Tarozzi et al., 2015)22, and the Philippines (Karlan and Zin-
man, 2011)16 all found no significant average income effects.
Critically, the Bosnia study found that among less-educated
borrower households, access to credit correlated with a re-
duction in consumption and savings. In Morocco, (Crépon
et al., 2015)18 found that among households that borrowed,
gains in income stimulated by increased self-employment due
to microcredit were actually offset by a corresponding re-
duction in casual wage labour income, thus leaving overall
income and consumption unchanged. Rather than growing
their own ventures beyond the income generated from wages,
households simply substituted some wage work for self-
employment without generating net welfare gains. (Attana-
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sio et al., 2015)21 Mongolia study is more charitable. There
were positive impacts on female entrepreneurship and house-
hold food consumption in the group-lending arm, though sta-
tistically insignificant effects on total household income. The
simultaneously introduced individual-liability arm realised no
significant poverty impacts, implying that the benefits of mi-
crocredit are founded upon lending structure as much as credit
access.

Repayment Dynamics

The standard microcredit portfolio quality metric for measur-
ing repayment is Portfolio at Risk at 30 days (PAR30), a mea-
sure of the outstanding balance of loans with any payment
overdue by more than 30 days as a share of the total portfolio.
(Rosenberg, 1999)29 demonstrated that when PAR30 exceeds
approximately 10%, microcredit portfolio delinquency esca-
lates rapidly. This is important because annual loan loss rates
above 5% threaten institutional sustainability. However, while
most leading MFIs report PAR30 below 5%, practitioner-cited
repayment rates usually reflect cumulative collection perfor-
mance rather than PAR30, complicating direct comparison.

Importantly, these metrics are only computed on portfolios
of active borrowers. They exclude households who may have
declined renewal because of prior negative experiences, indi-
viduals that may have defaulted and exited, and households
rejected at the initial application. (Schicks, 2013)11 landmark
Ghana study noted that many overindebted borrowers were not
reliably identified by PAR30 because they prioritised debt ser-
vice above necessities like food, healthcare, and children’s ed-
ucation. Since (Schicks and Rosenberg, 2011)27 CGAP anal-
ysis confirm high repayment and high distress are empirically
compatible, the accuracy of repayment metrics as a measure
of microcredit’s efficacy is methodologically invalid.

Over-Indebtedness

Though (Schicks, 2013)11 finding that 30% of Ghanaian
micro-borrowers could be classified as overindebted is a
single-country figure and not directly generalisable, it is the
most robustly documented estimate within this review’s ev-
idence base. Over-indebtedness was not as associated with
gross debt amounts than debt-to-income ratios, implying the
problem is the relationship between obligations and income
instability, not necessarily debt itself.

Concerningly, both academic analysis and investigative
journalism have documented suicides associated with aggres-
sive multi-MFI lending. (Finch et al., 2022)30 documented
such clusters within Cambodia, Sri Lanka, and India. The
Andhra Pradesh crisis of 2010–2011 in particular saw MFIs
lend beyond capacity as a result of aggressive commercial ex-
pansion. This, in tandem with inadequate regulation, led to

mass defaults and documented borrower suicides, eventually
spurring the state to intervene and shut down the region’s mi-
crocredit industry (Mader, 2013; Taylor, 2011)31 32. (Mader,
2013)31 argues that these are patterns produced by misaligned
institutional incentives rather than individual, isolated inci-
dents.

Heterogeneous Effects by Population

(Meager, 2019)14 identifies prior entrepreneurial experience
as the single strongest predictor of positive effects. House-
holds that are already operating businesses at baseline show
larger, statistically significant treatment effects as compared
to zero average effects for households that are not.

On gender: since female borrowers tend to reinvest in-
come in household welfare at higher rates (Duflo, 2012)33,
most MFIs target women. However, within the exclusively fe-
male targeted Hyderabad program, (Banerjee et al., 2015)17

found no significant changes in women’s empowerment or
decision-making authority. Even more concerning, (Goetz
and Gupta, 1996)34 found that in Bangladesh, approximately
63% of women borrowers experienced partial, very limited,
or no control over how their loans were used as male house-
hold members took the capital for their own instead. (Vaessen
et al., 2014)35 systematic review corroborates this by finding
that evidence of positive empowerment effects remained in-
consistent across studies.

Regarding poverty depth, (Angelucci et al., 2015)20 found
zero evidence of transformative impact across 37 outcomes in
their Mexican sample. This included no statistically signif-
icant average income gains. Critically, their employment of
quantile regression to perform distributional analysis did not
yield strong evidence of heterogeneous effects by borrower
wealth. This corroborates with theoretical models in which
productive capital deployment necessitates complementary as-
sets and human capital as prerequisites (Banerjee and Duflo,
2007)36. For the ultra-poor, the debt obligations created by
microcredit may not be fulfilable by income from an enter-
prise.

On vulnerability to shocks: (Schicks, 2014)37 finds over-
indebtedness risk is higher for borrowers who experience ad-
verse economic shocks. Households faced with significant im-
mediate expenditures (e.g., school fees, medical needs, etc.)
are vulnerable as capital intended for enterprise is funnelled
towards cashflow negative expenditures while the debt itself
remains.

With regards to market saturation, (Chliova et al., 2015)15

find that the effects are more pronounced in settings with
limited pre-existing formal credit access. In saturated mar-
kets, however, competitive pressure to lend to less creditwor-
thy borrowers worsens over-indebtedness risk without corre-
sponding welfare gains (Schicks and Rosenberg, 2011; Taylor,
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2011)27 32.

Discussion: Analysing the Discrepancies

Divergent Institutional Incentives

In order to attract donor investment and government endorse-
ment, practitioners are under the pressure to demonstrate op-
erational scale and social impact. This, ironically, incentivises
the suppression of null and negative results to demonstrate
overwhelmingly positive effects. On the other hand, academic
researchers are institutionally rewarded for methodological
rigour and the honest reporting of both positive and nonposi-
tive conclusions. This means that when inconvenient evidence
arrives, these differing incentives can lead to the reporting of
almost opposite results.

Methodological Capacity

Practitioner reporting relies on internal monitoring data and
client surveys, which has the potential to introduce selection
bias, survivorship bias, recall bias, and social desirability ef-
fects if borrowers recognise surveyors to be MFI-affiliated.
Even when practitioners report average improvements across
clients, the absence of a valid counterfactual for baseline com-
parison makes causal attribution unfalsifiable. However, the
practical capacity required to implement effective experimen-
tal design, source sizable samples, perform extended follow-
up, and conduct valid statistical analysis can elude even aca-
demic designs, meaning that it may be beyond what most
MFIs can deploy internally.

Input Metrics Versus Outcomes

Practitioners present input metrics as if they constituted valid
proxies of development outcomes, though as established prior,
they do not. Academic evaluations however measure welfare
outcomes directly, through the direct comparison of a treat-
ment group to a statistically equivalent (minus the interven-
tion itself, of course) control group. While both groups use the
same language of success, impact, and effectiveness, both the
metrics they measure and the methodology with which they
do so is very different.

Selective Reporting

Practitioner narratives always emphasise individual successes
without disclosing how generalisable they are to the typical
borrower. Since random variation alone in such large-scale
programs can produce dramatic individual successes, this is
epistemically misleading. Academic research, in contrast, es-
timates average treatment effects across a study’s population.
The consistent finding of statistically insignificant effects on

income and consumption implies little benefit for the typical
borrower.

Temporal Horizons

For practitioners, annual operational cycles incentivise metrics
that are produced over shorter timescales. Academic RCTs at
minimum attempt to measure outcomes at 12–36 months, fa-
cilitating the more accurate estimation of the persistence of
average treatment effects, if any. Longer-horizon studies are
emerging, but they still provide limited evidence for the prac-
titioner narrative of poverty transcendence.

Why It Matters

The global microcredit portfolio is approaching $124 billion
(Convergences, 2019)2 with continuing growth. However,
if the impact of this intervention is not significant, then the
opportunity cost of conducting it versus alternative programs
may be substantial. As an example, (Haushofer and Shapiro,
2016)38 Kenyan study found unconditional cash transfers led
to large short-term welfare benefits, with both household
monthly consumption and psychological wellbeing increasing
significantly in the nine months following transfer. (Baner-
jee et al., 2015)17 found lasting poverty graduation effects
from hybrid programmes that intertwined asset transfers with
training and consumption support. The same donor resources
directed towards alternative interventions may produce better
overall effects.

Yet setting the alternatives aside, if over-indebtedness af-
fects almost a third of documented borrowers, then expansion
driven by unfounded optimism may be actively harmful. This
is exemplified by the Andhra Pradesh crisis, where institu-
tional collapse and borrower deaths correlated with the pro-
gram itself. Thus the potential consequences of offering even
a minimally beneficial intervention may simply be too great.

Policy Implications and Recommendations

Mandate Rigorous Impact Evaluation

At minimum, academically-rigorous impact evaluation should
become a prerequisite for donor funding and institutional en-
dorsement. These multiyear evaluations should be by inde-
pendent organisations without a financial stake in the results
of their work. It is understood that RCTs are typically very
costly to conduct and require withholding credit from control
groups, so quasi-experimental alternatives may be acceptable
where natural variation in credit access exists.
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Standardise Outcome Metrics

Household income, consumption expenditure, business rev-
enue and profitability, asset accumulation, poverty status, food
security, over-indebtedness, at minimum, must become stan-
dardised reporting across MFIs and should be explicitly organ-
ised by gender and borrower type. On top of this, mandate the
reporting of negative outcomes, including default rates, pro-
gram dropout, debt distress, and documented harm. This can
be modelled after CGAP’s MIX Market data platform, which
represents existing reporting infrastructure in this space.

Align Communications with Evidence

Practitioners should not make blanket claims about the effi-
cacy of microcredit. Causal language such as “lifting millions
out of poverty” or “creating pathways out of poverty” must
not be employed within promotional materials unless directly
corroborated by RCT evidence on that specific institution’s in-
terventions. If so, it must be clearly cited and accessible for
readers to review. Additionally, promotional materials should
explicitly disclose over-indebtedness risks alongside claimed
benefits. In microfinance, interest rates can frequently range
from 30% to over 100% after fees and insurance premiums
(Rosenberg et al., 2013)39, so these interest rates must also be
explicitly disclosed for borrowers to see.

Differentiated Targeting

Instead of indiscriminately targeting all possible borrowers,
MFIs should target borrowers for whom microcredit has the
most demonstrable impact, specifically existing entrepreneurs
with basic financial literacy. Practitioners must explicitly de-
clare that credit alone is inappropriate for the ultra-poor; such
potential clients should instead be referred to alternative pro-
grams, such as asset transfers and financial training.

Accountability Mechanisms

Voluntary industry action alone is unlikely to lead to these re-
forms, thus donors and governments supporting MFIs should
make funding and licensing contingent on the periodic demon-
stration of the above reforms and independently verified wel-
fare gain.

Conclusion

The review documents significant discrepancies between the
claims put forward by microcredit practitioners and academic
researchers, likely caused by divergent institutional incen-
tives, differences in evidence-collection methodology, and
mismatched temporal horizons governed by what each of the

two parties are focused on. Where practitioners claim the in-
tervention to be an indiscriminately transformative poverty al-
leviation mechanism, academic evidence consistently presents
mixed evidence of its efficacy, with statistically insignificant
effects on household income and consumption. For the ultra-
poor, for wage workers in competitive labour markets and for
households with volatile incomes, microcredit grants limited
expected benefit with meaningful over-indebtedness risk. It
is important to note that microcredit is not completely inef-
fective. For existing entrepreneurs, it can provide genuinely
useful working capital that a founder can leverage using exist-
ing financial acumen to scale their own enterprises. The crux,
however, is that the scope of benefits microcredit confers on
the underprivileged is not as wide as practitioners suggest.
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